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Human-Al Hybrids

dle of a significant transformation, driven

by the rapid advancements in generative Al
(GenAl) and large language models (LLMs). At a
time when the marketing function is investing
aggressively in Al areas such as content creation
and personalization, our research investigates how
LLMs serve as valuable collaborators to generate
consumer insights. Our central idea is to create
powerful “Al-human hybrids,” which reshape how
companies understand their customers, develop
products and craft marketing strategies.

The marketing research industry is in the mid-

The Al promise in the insight generation
process

Midjourney Al prompt by GCO

In a reimagined research pipeline, the human
researcherremains essential, acting as a supervisor
to guide the Al, validate its outputs, and handle
ethically sensitive or novel contexts where Al may
falter. By embracing this partnership with LLMs,
companies can uncover a new level of agility and
depth in their quest for consumer understanding,
making the insight generation process more effi-
cient and effective. >
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The research — comparing purely human-led market research with Al-assisted processes
BOX 1

Two studies — one qualitative and one quantitative — were conducted to analyze the value of an Al-human hybrid approach. Partnering with
a Fortune 500 food company, we replicated marketing research studies they had previously completed using a purely human-led process. The
replication incorporated Al assistance, allowing a direct comparison between the company’s traditional human-only approach and the Al-hu-

man hybrid method.

QUALITATIVE STUDY

This study focused on “Friendsgiving,” a modern version of
Thanksgiving where friends rather than family come together to
celebrate. Its goal was to explore consumer emotions and tradi-
tions surrounding this occasion. Large language models (LLMs)
were used in three roles:

¢ as synthetic respondents adopt-
ing specific personas, such as a
32-year-old man hosting a party,
to provide detailed, open-ended
responses to interview questions;

¢ asinterviewers and moderators
who generated questions, offered
probes and guided discussions;
and
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¢ as analysts who synthesized and
interpreted the large volume of 1"}
unstructured text data from the ; A
interviews. N )
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In our research, we analyze how Al-human hybrids
can accelerate the marketing research process,
reduce costs and uncover deeper insights (see
Box 1). The results from two studies, where we rep-
licate human-only market research projects,
demonstrate that LLMs can serve as effective
assistants at each stage of the research pipeline,
from developing the research design to obtaining
data, analyzingitand deliveringinsights thatdrive
business decisions. We also test a novel application
of LLMs — their ability to generate “synthetic
respondents” — Al-powered personas that can par-
ticipate inin-depth interviews or answer surveys.

Evaluation of the human-Al hybrid in
qualitative research

In our qualitative study on Friendsgiving, the Al
integration worked very well in all phases of the
project.

Respondent generation — building the silicon
sample

On the data generation front, we find that LLMs
can effectively create the required characteristics
for the sample to be interviewed. They succeeded
in generating syntheticrespondents that matched
the characteristics of the original sample. Beyond
replicating the respondent profiles in the original
study, we asked the LLM to suggest a suitable
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QUANTITATIVE STUDY

For the quantitative study, we examined the LLM’s ability
to replicate a survey evaluating a new refrigerated dog
food concept. The Al was tasked with generating responses
for 605 synthetic participants. The personas were created
to exactly match the demographic and behavioral pro-

files of the original human respondents. They answered
concept-related questions about packaging preferences,
preferred ingredients, purchase likelihood, attitudes toward
, the product concept and expected consumption frequency.

. AT The research goal was to
assess in which appli-
cations an LLM could
match or exceed the
performance of a purely
human-led process in

' generating and analyz-
s v (@ ing typical marketing
A research data.
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group of respondents to generate ideas on the
research topic of Friendsgiving, using the prompts
inFigure 1. Inresponse to the first prompt, the LLM
produced a rich description of potential respon-
dents. Although the original study had good varia-
tion in terms of respondent demographics such as
gender, age and ethnicity, the LLM came up with
additional dimensions, suggesting people with
dietary restrictions or minorities such as LGBTQ+,
expatriates and international students—all groups
that may have particular interest in a more inclu-
sive, modern Thanksgiving celebration. Inresponse
to the second prompt, the LLM generated 10
unique synthetic personas to match the sugges-
tions, building an improved synthetic sample.

Data collection — asking, responding, scoring
and probing

In the next step, the LLM conducted and moder-
ated the in-depth interviews. The LLM can be
prompted to simply respond to the questions from
the discussion guide, providing synthetic answers.
In addition, it can also be prompted to improve the
depth, richness and consistency of the answers. As
a "scorer,” an LLM can further evaluate its own
answers against key research objectives and met-
rics like clarity and depth and provide a score. Inits
role as a “prober,” it can ask the synthetic respon-
dent to elaborate further if the evaluation score
falls below a certain threshold. These additional

Midjourney Al prompt by GCO
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roles are excellent examples of novel ways in which

anLLM can add value during data generation. Inour
study, we let human evaluators compare the

answers from the original study and the replicated

study and applied several statistical measures. The

LLM-generated responses were superior to human

responses in terms of both depth and insightful-
ness, thus offering effectiveness gains.

Data analysis - insight generation and

reporting

On the analysis front, the LLMs performed as well

as analysts, matching human experts in identify-
ing key ideas, grouping them into themes and sum-
marizing information. Although LLMs missed some

themes that humans detected, they also gener-
ated new ones that humans did not.

1

Marketing research leaders
must recognize that Al
systems can mirror gender,
racial and cultural biases
present in their

training data.

Human-Al Hybrids

Evaluation of human-Al hybrids for survey
research

In a quantitative setting, the LLMS — prompted in
similar ways — created synthetic respondents that
answered the survey questions successfully. How-
ever, the results from the basic LLM exhibited
mixed success. Although the LLM correctly cap-
tured the direction and magnitude of consumer
attitudes, it showed two key weaknesses found in
many basic Al applications. First, the responses
lacked heterogeneity; there was less variation in
the Al's answers compared to the human data. Sec-
ond, the LLM answers lacked the internal consis-
tency found in human answers; for example, the
Al'sanswers didn'trate attributes such as “healthy
ingredients” and “safestfood" similarly,as humans
do. To address these limitations of the basic LLM
model, we tested two effective techniques toincor-
porate context and improve the quality of syn-
thetic survey data.

Providing response history

This simple technique involves providing the LLM

with its own previous answers within the same sur-
vey as context for subsequent questions. These

simple reminders to the Al of its previous answers

ensured answer coherence across questions within

asurvey.

Enriching the LLM’s contextual knowledge

We enhanced an LLM by connecting it to external
knowledge using a technique called retrieval-aug-
mented generation (RAG). In our research, we gave
the LLM access to the company’s existing qualita-
tive interview transcripts about premium pet food
as external knowledge before it answered the »

Prompts to generate a suitable sample of synthetic respondents
FIGURE 1

OBJECTIVE PROMPT

Friendsgiving is a new variation of Thanksgiving. We want to
understand people’s attitudes toward it, how they celebrate it
and what thoughts and emotions connect to it. What would be
a good representative sample of people to talk to?

Sample identification

Now generate personas of people who have the characteristics
enumerated above. Not every persona needs to have every
characteristic. The personas should be sufficiently unique.

Persona construction
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When and how to use LLMs as assistants in qualitative research

FIGURE 2

Synthetic
respondents

=]

Research question

Identify research

How to integrate LLMs
successfully in qualitative
research

method

Cocreate research

methods, such as interviews vs. focus groups.

Draft a discussion guide and describe character-
istics of the respondents to include in the study.
LLMs help streamline questions. The researcher

design

refines these inputs and makes the final decision
about study design.

Use the LLM to generate synthetic respondents to

Data collection

Human
respondents

Analyzein-depth

test the discussion guide and generate answers. In
addition, recruit and interview human respondents
for real-world depth.

Leverage the LLM as a research assistant to
process text from both human and synthetic
interviews. The LLM can quickly identify key sen-
tences, extract themes and remove redundancies
in answers.

interviews separately
with LLM assisting

Consolidate key
insights

Assess value
of LLM hybrid

survey questions. This simple addition via RAG
allowed the LLMto ground its responsesinrelevant
consumer knowledge. Both techniques signifi-
cantly improved the diversity and internal consis-
tency of the LLM answers, making them more
closely resemble human responses.

How to integrate Al into a research project

Figures 2 and 3 outline roadmaps and concrete
suggestions to incorporate Al into qualitative and
quantitative research projects. In both figures, the
blue, red and violet blocks represent human-only,
LLM-only and human-Al hybrid processes, respec-
tively.

These LLM-assisted research processes improve
the efficiency and speed of insight generation and
the quality of analyses. With data analysis out of
the way, researchers can focus their expert time on
interpreting the findings and distilling insights.
Thisapproach synthesizes complementary insights
from synthetic and human data to formulate rec-
ommendations that drive business decisions. The
reimagined processes allow the researcher to focus
on their study’s ability to answer business ques-
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Create alearning
repository

Develop guiding
principles

tions rather than accomplish repetitive tasks.
Human experts can create internal learning repos-
itories by saving both human and synthetic data.

1

The strongest marketing
insights will come from
organizations that combine
the speed of Al with the
discernment of human
expertise.

1

Use LLM as an assistant to assess the best research



When and how to use LLMs in surveys

FIGURE 3

Research question

Cocreate research design

Syntheticrespondents

Analyze survey data

Modify survey based on
learnings from synthetic

Field revised survey to

Human-Al Hybrids

How to apply LLMs
successfully for surveys

Guided by the business questions, use an
LLM to draft the initial survey. The human
expert then refines, ensures the work
quality and is responsible for the final
sign-off.

Before launching the survey on humans,
use the LLM to generate a set of synthetic
respondents.

Analyze the synthetic data to preview

the results. This allows the researcher to
assess the expected quality of insights,
remove or add questions and estimate the
required sample size, all before spending a

data data

Add the survey and findings to the . ¢ o
repository of internal synthetic deliver high-quality insights.

single dollar on fieldwork.

Deploy the optimized and validated survey
to human participants with greater confi-
dence that it will achieve its objectives and

humans

Comparing these datasets over time helps create
institutional knowledge on business contexts
when LLMs are most effective and develop guiding
principles for future use.

The future of marketing research is human-Al
hybrids

The verdict from our research is unambiguous.
Al-human hybrids outperform either side working
alone. In qualitative studies, they deliver richer and
more meaningful insights. In quantitative surveys,
they provide a fast and cost-effective way to visu-
alize the results of a survey before investing in a
full-scale project. For managers, the path forward
is to start experimenting with human-Al hybrids
now and treat Al as a high-impact business partner.
This approach not only reduces costs and shortens
timelines but also drives better decision-making
and sharper strategic insights. At the same time,
marketing research leaders must recognize that Al
systems can mirror gender, racial and cultural
biases present in their training data. Building
awareness of these risks and ensuring human over-
sight in the research process are critical to main-

Develop guiding principles

taining accuracy, fairness and trust. In the end, the
strongest marketing insights will come from orga-
nizations that combine the speed of Al with the

discernment of human expertise. «
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